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Abstract

Data cubes selection is one of the most
important problems in data warehouse
community. In the past few years, most
researches for this problem mainly focused on
data cubes selection for SQL or OLAP queries.
To our knowledge, there is no work addressing
the data cubes selection issue for association
query. In this paper, we explore how to use
materialized datacubes to facilitate online hybrid
association rules mining. To this end, we define
a cost model for datacubes selection problem
and elaborate the cost estimation for association
query. Besides, we implement and compare
various heuristic algorithms to select suitable
datacubes subject to the space constraint.

Keywords: data warehousing, data mining,
OLAP, data cube, heuristic method.
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Chicago NIKE Hat John 10
Dallas NIKE Hat John 10
New York NIKE Hat John 20
Chicago NIKE Hat Mary 20
New York NIKE Sport shoes John 20
Dallas NIKE Sport shoes John 10
Chicago NIKE Sport shoes John 10
Chicago Reebok Basketball Peter 10
Seattle Reebok Basketball Peter 10
Chicago Reebok Carry Bags Peter 80
Seattle Reebok Carry Bags Peter 30
Dallas Reebok Carry Bags Peter 30
New York Reebok Carry Bags Peter 20
Seattle Reebok Hat Peter 10
Chicago Reebok Basketball Bill 10
New York Reebok Carry Bags Bill 10
New York Reebok Hat Bill 10
Seattle Reebok T-shirt Sue 10
Dallas Reebok Hat Sue 10
Seattle Addidas Carry Bags John 20
Dallas Addidas Carry Bags John 10
New York Addidas Carry Bags John 40
Dallas Addidas Hat Peter 30
Seattle Addidas Hat John 30
Dallas Addidas Hat John 20
New York Addidas Hat John 30
Seattle Addidas Sport shoes Bill 20
New York Addidas Hat Peter 10
Dallas Addidas Carry-bags Peter 10
New York Addidas Carry-bags Peter 30
Chicago Addidas Carry Bags Peter 10
Dallas FILA Carry Bags Sue 20
Dallas FILA Hat Bill 10
Chicago FILA Hat Bill 20
Seattle FILA T-shirt Sue 20
Chicago FILA T-shirt Sue 10
Chicago FILA Basketball John 30
New York FILA Basketball John 10
New York FILA Basketball Peter 20
Dallas FILA Carry-bags Bill 20
Chicago FILA Carry-bags Bill 20
New York FILA Basketball Bill 20
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9. endwhile

function gen_frequent(k,C,)
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. F=0;
. for each candidate k-itemsets, I =
{ibizs ik}eckdo

3. Lcount=0;// 3 1B.2_ =% #c
4, for each te Domain(trans) do
5. All=TRUE;
6. for each item ie/ do
7. accumulate the count saved in each
cell partially indexed by (z, i);
8. if (count = 0) then
All = FALSE;
9. break;
10. endif
11. endfor
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12. if (4/l = TRUE)/ count ++;
13.  endfor

14.  Lsupp = L.count / totalcount;

15.  if (Lsupp > min_sup ) F,=F, U I,
16. endfor

17.return F;

function gen_candidate(k, F, )
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1. C,=9;
2. for each itemset /,€ F,_ do
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4. if (first &2 items in /, and 7, are same
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5. c=I1ML;
6. if 3(k—1)-subset sof ¢, s ¢F,
then
7. delect ¢;
8. else
9. add c to C;
10. endif
11. endif

12.return C,
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