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Abstract

This paper proposes an efficient method to
design optima  Video-on-Demand (VOD)
syssems using an Inteligent Multi-objective
Evolutionary Algorithm (IMOEA). The VOD
syssem can deal with a large number of
multimedia files and has three objectives: to
minimize the storage cost, to minimize the
trangmission load, and to balance the storage cost
of the didributed servers. The investigated
problem is formulated as a large multi-objective
parameter optimization problem in essence. The

existing methods often consider one or two of the
three objectives and cannot effectively cope with
the large optimization problems. We use IMOEA
which can efficiently solve large multi-objective
parameter optimization problems to obtain a set
of high-quality non-dominated solutions. The
non-dominated solutions can provide the
decision maker valuable information to design
optimal VOD systems according to preference
and suggestions to extend the exigting devices.
The experimental results show that IMOEA
performs better than SPEA for solving the
optimization problem and the obtained set of
high-quality non-dominated solutions can
achieve three objectives of the optima VOD
systems.

Keywords— Adaptive video-on-demand system,
system optimization, genetic algorithms, video
placement, multi-objective optimization.
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