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Using a PC-Clustering Genetic Algorithm for Training a
Hidden Markov Model to find Genes in E.coli DNA
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Abstract

Gene finding is an important research topic
in bioinformatics. In the past, researchers used
the Baum-Welch algorithm to train hidden
Markov models for E. coli’s gene finding. In
this paper, a genetic algorithm was implemented
in PC-clusters for train a hidden Markov model.
The prediction results are compared with the
Baum-Welch algorithm.
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