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Applying Experiential Learning to Enhance the Learning Effectiveness of Robo

Advisors

Abstract
Robo advisors is one of important financial tools in inclusive finance. Limited to the financial
knowledge, most investors cannot accept the new instrument “robo”. As a result, the current robot
advisors market is still difficult to reach an effective scale. This study will take students with
different professional backgrounds as the research objects, apply the experiential learning method,
and carry out experiential learning, with three themes of "the examination of risk aversion and

nn

questionnaire design", "asset allocation" and "financial planning". We will compare the differences
in the learning effectiveness and learning satisfaction of students with different backgrounds.

There are 25 students from 11 departments in this course, including six students from non-
business backgrounds. The result found that most students support that “experience before learning”
is helpful for understanding professional knowledge. It is still useful to reduce the difference in
learning outcomes between students with different backgrounds and make up for the deficiencies of
professional knowledge. This study will help to promote the concept of robot advisors under

inclusive finance in non-financial professional courses.

Keywords: Robo Advisors, Experiential Learning, Learning Effectiveness.
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Income Age

Investment Amount Association with Investing
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Other Choose Portfolio Risk Level

Source of Income Comfort Investing in Stock

Spending Credit-Based Investments

Time to Retirement Dealing with Financial Decisions

Type of Account Degree of Financial Risk Taken

Working Status Education

Risk Capacity Ever Invested in Risky Asset for Thrill
Dependence on Withdrawal of Investment Amount Experience of Drop/Reaction on Drop/Max Drop before Selling
Income Prediction Family and Household Status

Investment Amount/Savings Rate Ratio Financial Knowledge

Investment Amount/Total Capital Ratio Gender

Investment Horizon Investment Experience

Liabilities Investment Goal

Savings Rate Investor Type/Self-Assessment Risk Tolerance
Total Capital Preference Return vs. Risk

B2 b B 8 24s (FA %R Tertilt and Scholz, 2018)

MR T e fE BI04 A3 F 3 & ki Markowitz (1952)032 3 78 1 & %% Braga
(2016)% ¥ 1= 2 > BTtk fod (Todfe? Mg AR T AR i frid 4 > g 4
SRFLEEAELRIRFT L THFIRE Y EFAFTRLE AR frAUE

B At hF ARE G2 2 ¢ 3 F A Fehds 5T 2 2 (fixed mix )
Markowitz * ;2 ~ Choueifaty and Coignard (2008) #7#% s 5 ~ 2§73k T 2 & 2 frin e 1y
big s AROTARLRE 23 S fp 2o s YRR A 2 blhediedp i

i 7 B T AT o

¥ ehAR Y 4 € 4 % Portfolio Visualizer T & (354 B 3 frl 4) o8- BL P
ST ARE BT S RS R T RS R oR TR M R AT

B = F‘X r']ﬁc‘ HT g o

12



PORTFOLIO VISUALIZER

Portfolio Visualizer provides online portfolio analysis tools for backtesting, Monte Carlo
simulation, tactical asset allocation and optimization, and investment analysis tools for

exploring factor regressions, correlations and efficient frontiers.

VIEW EXAMPLES »

&

Backtest Portfolio Factor Analysis
Backtest a portfolio asset allocation and compare historical and Run regression analysis using Fama-French and Carhart factor
realized retumns and risk characteristics against various lazy models for individual assets or a portfolio to analyze returns
portfolios. against market, size, value and momentum faciors.
Backtest Asset Allocation » Factor Regression »
Backtest Portfolio » Market Mode! Regression »

Principal Component Analysis »
Match Factor Exposures »
Fund Factor Regressions »
Fund Performance Attribution »
Factor Statistics »

B] 3 : Portfolio Visualizer 1 7. &

Backtest Portfolio Asset Allocation

This online portfolio backtesting tool allows you to construct one or more portfolios based on the selected mutual funds, ETFs and stocks to ana
rolling returns. The results include a visualization of the portfolio growth chart and rolling retumns, CAGR, standard deviation, Sharpe ratio, Sortir
also be specified together with the preferred portfolio rebalancing strategy. You can also analyze and compare asset class based lazy portfolios

Time Period @ Year-to-Year ¥

Start Year @ 1985 v

End Year @ 2018 v

Initial Amount € $ 10000 .00

Periodic Adjustment @ None v
Rebalancing @ Rebalance annually v
Display Income €@ No v

Benchmark €@ None v
Portfolio Assets 1 Portfolio#1  #~

Asset 1 VTSMX Q 40 %
Asset 2 VGTSX Q 20 %
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