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Abstract

In this paper, we propose an ontol-
ogy-integrated data warehouse mining sys-
tem, called OntoWM. Adopting the concept
of ontology, this system integrates three dif-
ferent kinds of ontologies: including ware-
house meta-ontology, which presents the
structural and semantic relationship of
warehouse schema, domain ontology, which
stores expert knowledge related to the
analysis domain of warehouse data, and
guery history ontology, which consolidates

the history of users’ mining queries. In this
way, our system can provide a more effec-
tive and user-friendly environment for
knowledge discovery. Taking the discovery
of multidimensional association rules as
example, we deliberate the design and con-
struction of OntoWM system and how to
make use of the ontologies to effectively
generate qualified rules that meet user’s de-
mand.

Keywords. Data warehouse, data mining,
ontology, multidimensional association rule
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Cust_ID | Date Education | City *Category
Co1 2007-02-01 | Bachelor | Taipei B,C,D,E
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C01 2007-02-10 | 21-30 Taipei AE
C05 2007-02-12 | PhD Kaohsiung |A,B,C
C03 2007-02-15 | Master Taichung |AE

*A: Printer B:Laptop C:Desktop D:Memory E: Hard
Disk

Mining multidimensional associations
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Getting data from
data warehouse

h 4
Filter out uninterested data
accordingto “where”
condition

A 4
Perform projection using
“grouping_ID” and “mini
ng_item”

Do grouping according to
“grouping_ID”

A 4
Filter out uninterested data
according to having
condition

) 4
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