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Algorithm:

Stepl: Establish a similarity-matrix 4 by

stochastic approach.

Step2: Read in two string x of length m, y of

length » and maximal difference £.

Step3: Initialize integer r to 0.

Step4: Call a recursive function string match.
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Function string_match()
Input: string x, y and integer »
Output: r: distance betweenxand y, » <k
Method:
Letd=1-(4A),,, -
Initialize z, 71, r2, r3 to (r+d).
Ifr>k
Return
Else
find i such that x; # y,
If x; = nil
r=r+lengthof y;toy,;
Return
If y, = nil
r=r+ length of x; to x,, ;
Return
string_match( x;,,, ¥,41, 13);
string_match( x;, y;,;, 71);
string_match( x;,,, y;, 72);
r=min(rl, r2, r3);
Return
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