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We proposed a new structure for finding
association rules in data mining. The Apriori
method is very time consuming. It joins ltems
and accesses databases repeatedly. It also

requires large amount of main memory and is
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very slow in execution. This research combines
the same Items, accumulates the number of
items, reduces data items to be counted, and uses
top-down process to separate frequent itemset
and infrequent itemset. It can mine association
rules more efficiently. There is no need to
produce candidate itemsets, and it is able to
produce frequent itemsets in one database scan.
This method provides more efficient execution
than Apriori or DHP does. The support value has
less impact on our method, but Apriori and DHP
are effected greatly by support value, especially
when the support is small, more main memory
and execution time are needed. Our method has
been proved to use less main memory and
execution time, and is less sensitive to the

variation of support values.
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